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Introduction
Companies are increasingly recognizing the need to integrate big data into their real-time 
analytics and operations. For many, though, the path to big data is riddled with challenges 
– both technical and resource-driven. On the other hand, many organizations have opera-
tional data stores (ODSs) in place, but these systems, while useful, are expensive to scale. 
This has led many of those companies to consider upgrading their ODSs. Meanwhile, other 
RUJDQL]DWLRQV�DUH�WU\LQJ�WR�ȴQG�WKH�ULJKW�XVH�FDVHV�IRU�ELJ�GDWD��EXW�PD\�QRW�KDYH�WKH�H[SHU-
tise to derive immediate value from implementing Hadoop.

This CITO Research white paper discusses a new concept: that of the operational data lake, 
and its potential as an on-ramp to big data by upgrading outdated ODSs.

The ODS Is at the Breaking Point
)RU�\HDUV��WKH�2'6�KDV�EHHQ�D�VWHDG\�DQG�UHOLDEOH�GDWD�WRRO��$Q�2'6�LV�RIWHQ�XVHG�WR�RɞRDG�
operational reporting from expensive online transaction processing (OLTP) and data ware-
KRXVH� V\VWHPV�� WKHUHE\� VLJQLȴFDQWO\� UHGXFLQJ� FRVWV� DQG� SUHVHUYLQJ� UHSRUW� SHUIRUPDQFH��
Similarly, an ODS can prevent real-time reports from slowing down transactions on OLTP 
systems. An ODS also facilitates real-time reports that draw data from multiple systems. For 
H[DPSOH��OHWȇV�VD\�\RX�ZDQWHG�WR�UXQ�D�UHSRUW�WKDW�VKRZHG�FXVWRPHU�UHDO�WLPH�SURȴWDELOLW\��
DQ�2'6�ZRXOG�DOORZ�\RX�WR�SXOO�GDWD�IURP�\RXU�ȴQDQFLDO�V\VWHP��&50�V\VWHP��DQG�VXSSO\�
chain system, supporting a comprehensive view of the business. 

:KHQ� FRPSDUHG� ZLWK� D� GDWD� ZDUHKRXVH�� DQ� 2'6� RHUV� D� UHDO�WLPH� YLHZ� RI� RSHUDWLRQDO�
data. While data warehouses keep historical data, an ODS keeps more recent data. Another 
important use case for an ODS is supporting the ETL (Extract, Transform, Load) pipeline. 
&RPSDQLHV�XVH�2'6V�DV�D�PRUH�FRVW�HHFWLYH�SODWIRUP�WKDQ�GDWD�ZDUHKRXVHV�
to perform data transformations and ensure data quality, such as data 
matching, cleansing, de-duping, and aggregation.

Big data repositories such as Hadoop are causing organizations 
to question whether they want to keep all of the ODSs they have 
put in place over the years. After all, Hadoop promises many 
RI�WKH�VDPH�EHQHȴWV��+DGRRS�LV�FRVW�HHFWLYH�EHFDXVH�LW�XVHV�
scale-out technology, which enables companies to spread data 
across commodity servers. An ODS, on the other hand, uses 
outdated scale-up technology. Scaling an ODS is prohibitively ex-
pensive, requiring more and more specialized hardware to get the 
required performance. Plus, most scale-up technologies become creaky 
when they exceed a terabyte of data – which is increasingly common.
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Introducing Hadoop for Big Data
To experiment with big data, many companies decide to implement  
Hadoop. While Hadoop is a great platform for unstructured data, 
it is not as conducive to structured, relational data. Hadoop uses  
UHDG�RQO\�ȵDW�ȴOHV��ZKLFK�FDQ�PDNH� LW� YHU\�GLɝFXOW� WR� UHSOLFDWH� WKH�
cross-table schema in structured data. 

An important use case for Hadoop is ETL. However, since Hadoop 
ȵDWWHQV�VWUXFWXUHG�GDWD�LQWR�ȴOHV��LW�FUHDWHV�DGGLWLRQDO�VWHSV�LQ�WKH�(7/�
process. In addition, with Hadoop being read-only, the ETL pipeline can 
become fragile and brittle in the face of data quality issues or ETL failures. 
Without the ability to update data when there is a problem, everything needs to be 
trashed and restarted, leading to excessive delays and missed ETL update windows. 

The Best of Both Worlds: 
The Operational Data Lake
:KDW�LI�\RX�FRXOG�XSJUDGH�WKH�2'6�VR�\RX�FRXOG�VFDOH�LW�DRUGDEO\��ZKLOH�DW�WKH�VDPH�WLPH�
providing yourself with a platform to experiment with unstructured big data? This is the 
principle behind the operational data lake, which includes, at its heart, a Hadoop relational 
database management system (RDBMS).

Figure 1. Operational Data Lake Architecture 
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A data lake is a repository for large quantities of both structured and unstructured data. It al-
lows companies to store data in its native format, while maintaining the integrity of the data 
DQG�DOORZLQJ�GLHUHQW�XVHUV�WR�WDS�LQWR�WKH�GDWD�LQ�LWV�RULJLQDO�IRUP��7KH�RSHUDWLRQDO�GDWD�ODNH�
is the structured part of the data lake, powered by an operational RDBMS built on Hadoop. 

%HFDXVH�WKH�RSHUDWLRQDO�GDWD�ODNH�LV�EXLOW�RQ�+DGRRS��LW�RHUV�DOO�WKH�FDSDELOLWLHV�
of Hadoop, enabling organizations to move into big data at their own pace while 
getting immediate value from operational data stored in Hadoop.

Companies may consider adding a Hadoop-based operational data lake as an ODS replace-
ment or, if they have already implemented Hadoop, consider adding a Hadoop RDBMS to 
their existing data lake. Here are some details about each of these approaches.

ODS Replacement. For organizations with an ODS in place, a Hadoop-based operational 
data lake allows companies to:

�O 'HSOR\�DQ�DRUGDEOH�VFDOH�RXW�DUFKLWHFWXUH�

�O Leverage existing SQL expertise and applications

�O Speed up operational reports and analytics by parallelizing queries

�O Augment structured data with semi-structured and unstructured stored in Hadoop

Because operational data stores can be migrated to Hadoop, the operational data lake 
UHGXFHV�WKH�FRVW�RI�XVLQJ�DQ�2'6�DQG�RHUV�WKH�RSSRUWXQLW\�WR�RɞRDG�ZRUNORDGV�IURP�H[-
pensive data warehouses. Companies spend millions of dollars on enterprise data analytics 
and data warehouses. As much as half of the workloads sitting in one of those warehouses 
FDQ�EH�KDQGOHG�LQ�D�PRUH�FRVW�HɝFLHQW�RSHUDWLRQDO�GDWD�ODNH�
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Existing Hadoop-Based Data Lakes. For companies that have already made the jump to 
Hadoop and created a Hadoop-based data lake, adding a Hadoop RDBMS provides the fol-
ORZLQJ�EHQHȴWV�

�O $�QDWLYH�ZD\�WR�VWRUH�VWUXFWXUHG��UHODWLRQDO�GDWD�ZLWKRXW�KDYLQJ�WR�ȵDWWHQ�LW�LQWR�UHDG�RQO\�
+DGRRS�ȴOHV��VHH�)LJXUH���

�O 7KH�FDSDELOLW\�WR�RɞRDG�(7/�WUDQVIRUPDWLRQV�DQG�SURFHVVLQJ�IURP�H[SHQVLYH�GDWD�ZDUH-
houses and/or dedicated ETL scale-up platforms (e.g., Informatica, Ab Initio)

�O The ability to gracefully recover from data quality issues and ETL failures in seconds  
with incremental updates and rollback, instead of the hours needed when restarting the 
ETL process

While unglamorous, ETL processing often represents an expensive, cumbersome process at 
PDQ\�FRPSDQLHV��$Q�RSHUDWLRQDO�GDWD�ODNH�FDQ�VLJQLȴFDQWO\�UHGXFH�FRVWV�DQG�SURYLGH�D�UREXVW�
ETL processing pipeline that can recover in seconds from data quality issues and ETL failures.

Figure 2. Streamlined Structured Data Pipeline
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A data lake is operationalized via a Hadoop RDBMS, where Hadoop handles the scale out, 
and the RDBMS functionality supports structured data and reliable real-time updates. With 
this setup, the data lake is never overwhelmed like a traditional ODS. It’s nearly bottomless 
or limitless in its scalability – companies can continue to add as much data as they want 
because expansion costs so little.

The Operational Data Lake as a Bridge  
to Big Data and Hadoop
Jumping into Hadoop without a Hadoop RDBMS can leave companies 
feeling stranded in a sea of big data. An operational data lake is the 
perfect stepping-stone to big data. Oftentimes, companies start with 
experimental big data Hadoop clusters in what is essentially tech-
QRORJ\�LQ�VHDUFK�RI�D�XVH�FDVH��5DWKHU�WKDQ�WU\LQJ�WR�ȴQG�DQ�LQLWLDO�
compelling use for big data, an operational data lake allows compa-
nies to expand on what they are already doing with an ODS and build 
up their big data practice at their own pace. Both are supported on the 
same commodity hardware. 

With the data lake, users can extract structured metadata from unstructured data on a 
regular basis and store it in the operational data lake for quick and easy querying, thus en-
abling better real-time data analysis. And, just as importantly, because all data is in a single 
location, the operational data lake enables easy queries across structured and unstructured 
data simultaneously. 

Finally, unlike native Hadoop, an operational data lake can handle CRUD (create, read, update, 
delete) operations in a highly concurrent fashion. The system can handle truly structured data 
in real time, while using transactions to ensure that updates are completed in a reliable manner.

An operational data 
lake is the perfect 

stepping-stone  
to big data
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Splice Machine in Action
Based in San Francisco, Splice Machine provides the only Hadoop RDBMS. It is designed to 
scale real-time applications using commodity hardware without application rewrites. Splice 
Machine’s goal is to provide companies with an ACID-compliant, massively scalable database 
for applications that doesn’t require you to compromise SQL support, secondary indexes, 
joins and transactions.

Splice Machine optimizes the operational data lake by marrying two proven technology stacks: 
Apache Derby and HBase/Hadoop. With over 15 years of development, Apache Derby is a 
popular, Java-based ANSI-SQL database, while HBase enables real-time, incremental writes 
RQ�WRS�RI�WKH�LPPXWDEOH�+DGRRS�ȴOH�V\VWHP��6SOLFH�0DFKLQH�GRHV�QRW�PRGLI\�+%DVH��LW�FDQ�
be used with any standard Hadoop distribution, such as Cloudera, Hortonworks, and MapR.

6SOLFH�0DFKLQHȇV�+DGRRS�5'%06�RHUV�H[FHSWLRQDO�SHUIRUPDQFH�ZKLOH�UHGXFLQJ�WKH�FRVW�RI�
traditional RDBMSs like Oracle by 75-80%. By parallelizing query execution, Splice Machine 
can increase query performance by 5-10 times compared to other RDBMSs.

Splice Machine Busts the Query Performance Blues
Marketing services company Harte Hanks found that its queries were slowing to a crawl, 
taking a half an hour to complete in some cases. Given the company’s prediction that its 
data would grow by 30 to 50%, query performance would only get worse.

Harte Hanks replaced its Oracle RAC databases with Splice Machine. Rob Fuller, the compa-
ny’s Managing Director of Product Innovation, saw queries that took 183 seconds on Oracle 
complete in 20 seconds on Splice Machine. Another query with a complex set of joins com-
pleted in 32 minutes on Oracle and just 9 minutes on Splice Machine. 

Harte Hanks has experienced a 3-to-7 fold increase in query speeds at a cost that is 75% less 
than its Oracle implementation.
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The O
perational D

ata Lake: Your O
n-Ram

p to Big D
ata

7

Conclusion
%LJ�GDWD�RHUV�YDOXDEOH�LQVLJKWV�WKDW�FRPSDQLHV�QHHG�WR�VXFFHHG�LQ�WRGD\ȇV�LQFUHDVLQJO\�FRP-
petitive marketplace. However, many companies do not know where to start and don’t want 
have an unending big data “science project.” Upgrading ODSs with obsolete technology is 
an excellent place to start. An operational data lake is the next-generation ODS. At CITO 
Research we believe that the operational data lake enabled via a Hadoop RDBMS is a great 
choice for companies that want to leverage their existing skills while ramping up their big 
data use cases.

:LWK�DQ�RSHUDWLRQDO�GDWD�ODNH��FRPSDQLHV�FDQ�VLJQLȴFDQWO\�UHGXFH�FRVWV�E\�RɞRDGLQJ�RSHUD-
tional reports and ETL processing from expensive OLTP systems and data warehouses to a 
scale-out architecture based on commodity hardware. It also enables companies to experi-
ence faster processing times, improve user satisfaction, and access more data.

This paper was created by CITO Research and sponsored by Splice Machine

Learn more about Splice Machine

http://www.citoresearch.com
www.splicemachine.com.

